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! Artificial intelligence
2 Machine Learning
® Deep Learning
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2 Chronic Obstructive Pulmonary Disease
® Interstitial lung disease
* Tuberculosis (TB)
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8 Tumor spiculation
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! High Resolution Computed Tomography (HRCT)
2 American Thoracic Society (ATS)

® European Respiratory Society (ERS)

* Japanese Respiratory Society (JRS)

® Asociacién Latinoamericana de Torax (ALAT)
® Idiopathic Pulmonary Fibrosis (IPF)
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Chronic Obstructive Pulmonary Disease (COPD)
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¥ Cryptogenic organizing pneumonitis
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Abstract:

Artificial intelligence and machine learning (as its subset) are the branches of computer
science in which machines are trained to imitate human intelligence and perform defined
tasks. Accurate results and analysis of a large amount of data that cannot be done through
conventional statistical methods can be provided by artificial intelligence. Artificial
intelligence has been used in pulmonary medicine since almost two decades ago. So it can
help to diagnose and predict lung diseases, based on clinical data, lung pathology, chest
imaging, and pulmonary function tests. Applications based on artificial intelligence enable
doctors to increase their precision in the treatment of lung diseases by using a huge amount
of data. It is important for clinicians to understand how Al can address heterogeneous
conditions such as asthma and chronic obstructive pulmonary disease where diagnostic
criteria overlap. They should be able to understand the use of artificial intelligence in daily
clinical practice, while, the patient safety issues should be considered. Artificial
intelligence has a clear role in supporting of the physicians in the clinical environment.
However, it seems that the trust in its usage has not yet been fully established. In general,
artificial intelligence is expected to play a key role in helping doctors for diagnosis and
management of the respiratory diseases in future, which will be followed by exciting
benefits to patients and doctors. The purpose of this review is to discuss the use of artificial
intelligence in pulmonary medicine and imaging in cases of obstructive lung disease,
interstitial lung disease, infections, nodules and lung cancer.

Keywords: Artificial Intelligence, Machine Learning, Imaging, Lung, Respiratory, Lung
Disease
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